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Autotuning
Challenges

[1] Configuration Representation
Need domain-informed configuration space representation

[2] Configuration Space Size
Need search technigue

(3] Configuration Space Landscape
Continuity? Dimensionality? Coupled parameters?

(2] Search technique efficacy depends heavily on landscape (= on project)
Previous work: Custom representations & techniques for specific problem
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OpenTuner
Solutions

[1] Configuration Representation
Python abstraction (API): primitive, complex, custom data types

[2] Configuration Space Size

(3] Configuration Space Landscape
Ensemble of search techniques:
concurrent, dynamic evaluation budget allocation, cooperative
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28] J. Ansel et al.: Petabricks: A language and compiler for algorithmic choice. In Proceedings of the 2009 ACM SIGPLAN Conference
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on Programming Language Design and Implementation, PLDI, 2009.



Conclusions

Configuration representation + search technigques
must be adapted to domain!

28] J. Ansel et al.: Petabricks: A language and compiler for algorithmic choice. In Proceedings of the 2009 ACM SIGPLAN Conference
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Multiple concurrent search techniques
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Extensible configuration abstraction
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FOSS software
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